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Data Augmentation
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© 644 Python - Keras

Hey you, this is a trial on malignance and benign tumors detection via ConuNHets. I'm Zongwei Zhou. =)
Each input patch is 51=51, cutted from 1383 3d CT & PT images. The MINIMUM isz above 38 segment pixels.
>> Loading Data ...
The dimension of each data and label. listed as folllowing:
TrData = (148162L. 6L, 24L. 24L>
TrLabel = (148162L. 1L>
Range = -3.43485 ™~ 8.83%14
—4.8286 ~ §.97869
—3.12587 ~ 7.56241
—1.25188 ~ 26.8045
-1.26917 ™~ 18.8637
—-1.24568 ™ 18.98%71
UaData = (201642L. 6L, 24L. 24L>
VaLabel = <(281642L. 1L>
Range = -3.43485 ™~ 8.83%14
—4.8286 ~ §.97869
—3.12587 ™~ ?.5624
—-1.25212 ~ 2@8.2061
-1.27542 ™~ 18.8637
—-1.245%6 ™ 18.98%71
Therefore, read in 148162 samples from the dataset totally.
By the way, data.shapel-3:1 means that <6L. 24L. 24L>
»»> Build Model ...
C-“Users™AdninistratorsAnaconda2™libssite—packages“kerasmodels.py:-495: Userllarning: The "class_mode" argument is deprecate
ur code.
warnings .warn¢’'The "class_mode" argument is deprecated. please remove it from your code.’>
»» Training ConvMets Model ...
Here,. bhatch_size = 188 , epoch = 18 . 1r = B.81 ., momentum = 8.9
Train on 118529 samples, validate on 29633 samples
Epoch 1-18
118529118529 [==============================] - 43453s - loks: B.4747 — acc: B.7983 - val loss: B.5141 - val_acc: B.8134
Epoch 2-18
118529118529
Epoch 3-18
118529/118529 [==============================] |- 15145s - loks: B.3655 — acc: B.8374 - val loss: B.4562 — val_acc: B.8178
Epoch 4-18
118529118529 [==============================] [ 96135 — losk: B.3326 — acc: B.8555 — val_loss: B.3965 — val_acc: B.B634
Epoch 5-18
79388./118529 [===================3,_......... 1

— 18184s — log=: B.4872 — acc: B.8181 — wal_loss: B.4869 — wal_acc: B.8211

EThA: 3004s [ loss: B.3129 - acc: B.8665
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MATLABRIE 4bIE K B2 = 24 & &

iting.m
clear all; close all; clc;
=<y % matlabpool open; IRRIMATLABHASS : parpool

%% SHEE
addr = 'F\Datasets\F

PIXEL = 101;
CutRange = 51;
ThetaStep = 6;
ThetaStart = -3;
angnum = 1;
DeltaStep = 4;
DeltaStart = -2;
delnum = 2;

%% *ﬁiﬁb_ﬁ

CtImaFiles =

ek 1 H MATLAB%U‘EE%, R
Data Augmentationfy 1132

HE SR - http://www.jianshu.com/p/6fe67ab70ff5
LB R T R ERZMATLABRYRADANIR, AKX ANEAY/)
15, AIBIER64GBRTFAIVLEE, EESH MemoryErrorfid]
&, HFTE R LR IRt AL Z] Pythonii .
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Fx & AlexNet

FEHAlexNet

Reference.

Krizhevsky A, Sutskever |, Hinton G E. ImageNet Classification with Deep
Convolutional Neural Networks [J]]. Advances in Neural Information Processing

JINEEFIAlexNet ,
, AlexNet22012

RUA T IR P AJAlexNet5LeNetqy
X7, SERRESE

HE SR - http://www.jianshu.com/p/58168fec534d

BIJLE BYPaper Review_ERIRNIEEE Z|AlexNet, FRRETAB, 1HUE
LeNet R AGF A, APt B R20FIUBIHIMEZLEIT T, AlexNet;2
2012EFMEN, NERBARBEET Y. Mh—iKkMKERAHE
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LA 3 B R 9. 89GB 1 20 ¥k CNN+SYM/RE A8 Y UG IE45 S 1 s

CNN+SVM CNN+RF
;‘i}l{ TPR SPC PPV NPV ACC TPR SPC PPV NPV ACC
Sw. UL
No.0l 0. 81 0.70 0.73 0. 79 0.76 0. 81 0. 70 0.73 0.79 0.76
No.02 0. 63 0. 85 0.81 0.70 0. 74 0. 59 0. 85 0. 80 0.68 0.72
No.03 0. 85 0. 59 0. 68 0. 80 0. 72 0. 85 0. 59 0. 68 (0. 80 0.72
No.04 0. 78 0. 74 0. 75 0. 77 0. 76 0. 78 0. 74 0.75 0. 77 0. 76

No.05 0.78 0.85 0.8 0.79 0.8 0.7 0.8 0.8 0.79 0.8]
No.06 0.85 0.81 0.82 0.8 0.8 0.8 0.81 0.8 0.85 0.83
No.07 0.70  0.78 0.76 0.72 0.74 0.63 0.78 0.714 0.68  0.70
No.08 0.78  0.70 0.72 0.76  0.74 0.78 0.7 0.7 0.77  0.76

No.09 0. 81 0.89 0.88 0.83 0.8 0.8 0.8 0.85 0.82 0.83
No. 10 0.93 0. 63 0.71 0. 89 0.78 0.93 0. 63 0.71 0. 89 0.78
No. 11 0.85 0.81 0.82 0.8 0.83 0.8, 0.8 0.8 0.8  0.85
No. 12 0.80 0.70 0.75 0.8 0.8 0.8  0.74 0.77 0.87  0.8]
No.13 0.78 0.70 0.72 0.76 0. 74 0.78 0.70 0.72 0.76 0. 74
No. 14 0.70  0.85 0.83 0.74 0.78 0.59 0.8 0.80 0.68 0.72
No.15 0.78 0.96  0.95 0.8l 0.87 0.81 0.93 0.92 0.8 0.87
No.16 0.70  0.70 0.70 0.70 0.70 0.70  0.70  0.70 0.70  0.70

No.17 0. 81 0.78 0.79  0.8] 0.80 0.81 0.798  0.79  0.81 0. 80
No.18 0.81 0.78 0.79 0.81 0.80 0.85 0.78 0.79 0.84 0.8]
No.19 0.70 0.70 0.70 0.70 0.70 0.70 0. 74 0.73 0.71 0.72
No.20 0. 89 0. 67 0.73 0. 86 0.78 0. 89 0. 67 0.73 0. 86 0.78
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